Background: Epithelial ovarian cancer (EOC) is one of the most lethal gynecological cancers; the majority of EOC is the serous histotype and diagnosed at advanced stage. IL6 is the cytokine that has been found most frequently associated with carcinogenesis and progression of serous EOCs. IL6 is a growth-promoting and anti-apoptotic factor, and high plasma levels of IL6 in advanced stage EOCs correlate with poor prognosis. The objective of the present study was to identify IL6 co-regulated genes and gene network/s in EOCs.
Background
Epithelial ovarian cancer (EOC) is the second most common and the most deadly malignancy of the female reproductive tract. Serous, endometrioid, clear-cell, and mucinous ovarian cancers are the four most common histotypes [1] . The majority of EOCs are diagnosed at stage III and IV when the tumor cells are spread in the peritoneum along with the presence of malignant ascites. The serous histotype accounts for about 80% of EOCs, and the majority show an inactivating mutation of the tumor suppressor gene TP53. Low malignant potential (LMP) serous EOCs are thought to arise by the transformation of tumors of borderline malignancy, and activating mutations in members of the RAS pathway (KRAS, BRAF, and ErbB2) are found in the majority of these tumors [2] . LMP EOCs show a relatively high growth capacity, are usually not invasive but resistant to conventional chemotherapy [1] .
A number of studies suggest that factors related to the inflammation of the ovarian surface epithelium (OSE) such as ovulation, endometriosis, and pelvic inflammatory diseases are associated with an increased risk for EOC [3] . The most important hypothesis regarding EOC carcinogenesis is the ovulation theory, which relates the risk of ovarian cancer to incessant ovulation. Recently, it has been hypothesized that high grade serous, endometrioid and clear cell ovarian cancers arise from the fallopian tube epithelium and share a common pathogenic mechanism, i.e., iron-induced oxidative stress derived from retrograde menstruation [4] . Both the incessant ovulation and oxido-reductive fallopian tube epithelial damage hypotheses have provided evidence that inflammatory responses induced under physiological conditions may foster the development of EOC. In accordance with these hypotheses of ovarian tumorigenesis, a number of cyto/chemokines has been found at detectable levels in ascites from EOC patients [5] . Among those molecules, IL6 is the cytokine that has been most frequently associated with EOC carcinogenesis and progression [6] . Preclinical evidence has shown that IL6 enhances tumor cell survival and increases resistance to chemotherapy via JAK/STAT signaling in tumor cells [7] and IL6 receptor alpha trans-signaling on tumor endothelial cells [8, 9] . In addition, IL6 has pro-angiogenic properties [7] , regulating immune cell infiltration, a stromal reaction, and the tumor-promoting actions of Th17 lymphocytes [10] . In patients with advanced disease, high plasma levels of IL6 correlate with poor prognosis [11] and elevated levels are also present in malignant ascites [12] . Treatment of EOC cells with the anti-IL6 antibody (Ab) siltuximab has been shown to reduce constitutive cyto/chemokine production and inhibit IL6 signaling, tumor growth, the tumor-associated macrophage infiltrate, and angiogenesis in IL6-producing intraperitoneal ovarian cancer xenografts [13] . IL6 stimulates inflammatory cytokine production, tumor angiogenesis and the tumor macrophage infiltrate in ovarian cancer and these actions can also be inhibited by a neutralizing anti-IL6 Ab in clinical studies [14] . However, further knowledge on IL6-expressing EOCs is needed to select patients who are possibly responsive to IL6-dependent therapies.
We have recently found that IL6 can be co-expressed together with plasminogen activator inhibitor (PAI)-1, encoded by SERPINE1, in a subset of advanced stage serous EOCs due to the activation of the liganddependent EGFR/NFkB signaling cascade [15] . Ex vivo, using 23 EOCs from advanced-stage patients with malignant ascites at surgery, we observed co-expression of EGFR, IL6, and PAI-1 in 57% of primary tumors and concomitant expression of both IL6 and PAI-1 in the corresponding ascites. Computational analysis on four publicly available data sets of EOC gene expression showed a correlation between the expression of the IL6 and SERPINE1 genes in advanced stage EOC patients, which in one case was associated with shorter progressionfree survival [15] . These results further highlight the involvement of IL6 in the progression of EOC.
Herein, to give further insight in the biology of IL6-expressing serous EOC we utilized a bioinformatics approach, described in the flowchart of Figure 1 , to identify IL6 co-regulated genes and signaling pathway/s in which they are involved. First, we identified a list of genes representing a molecular signature for both advancedstage and LMP serous EOC which recapitulate the socalled 'early growth factor response'. We also identified an IL6-correlated signature of seven genes involved in vascular thrombosis specific for advanced-stage serous EOCs.
Results

IL6 expression significantly correlates with a defined gene set in advanced stage serous EOCs
Pearson's correlation analysis of seven data sets containing the expression profiles of 1262 samples from serous EOCs (Table 1) was performed to identify genes whose expression was significantly correlated with IL6 expression in each data set. Correlation scores of each gene pair were computed using the R program essentially as described [16] [17] [18] . For genes represented by multiple probes in the same array format, the probe with the highest correlation to IL6 in the data set with the highest number of patients was chosen and considered for the other data sets when present (Additional file 1a). This analysis allowed the identification of genes whose expression positively correlated with IL6 along the seven data sets with a p-value ≤0.05 and a Pearson's correlation coefficient (r) exceeding 0.4 (Additional file 1b). A further analysis across the seven data sets yielded 40 concordant correlated genes in at least four data sets (Additional file 1b and Figure 2 ). Of note, 38 of 40 genes were correlated in data set I (204 samples) obtained with an Affymetrix platform, and in data set VII (110 samples) obtained with an Agilent platform. Among the identified IL6-correlated genes CXCL2, HBEGF, SERPINE1, DUSP1, ZFP36, and IER3 were common to all data sets. The correlation between IL6 and HBEGF, an EGFR ligand, and SERPINE1, encoding PAI-1, is in agreement with our previously published results on co-expression of IL6 and PAI-1 in high grade EOCs due to EGFR activation [15] . The majority of genes are associated to the biological process 'proliferation' (50%) ( Table 2 ). Among the genes associated with proliferation, there were a number of growth factor early response genes (EGR1, EGR3, NR4A1, FOSB, IER3). The IL6-correlated signature also included genes associated with 'inflammation' (20%), and the remaining genes were associated with 'cell cycle and apoptosis' , 'metabolism' and 'migration and invasion'.
Thus, we identified a gene signature of IL6 correlated genes in serous EOC containing mainly proliferationassociated genes.
Advanced stage EOC-specific IL6-correlated gene signature functionally associated with control of cell morphology and cardiovascular disease Next, to determine whether the identified gene signature was specific for advanced stage EOC or could also be associated with LMP EOC, Pearson's correlation analysis to IL6 was applied to gene expression data of LMP EOCs reported in data sets I, II, and IV (see Table 1 ). The density plot of IL6 intensities showed a similar trend of expression in advanced stage and LMP EOCs (Additional file 2). The data obtained comparing advanced stage EOCs and LMP EOCs were similar in the three data sets, and were more reliable (number of cases, genes identified, significance level) in data set I. Among the above identified advancedstage EOCs IL6-correlated genes, 33 were also significantly correlated in LMP EOCs, while 7 genes (C5AR1, FPR1, G0S2, IL8, KLF2, MMP19, and THBD) were specific for advanced-stages only (Additional file 3). Among these genes, IL8 has already been associated with aggressiveness and progression of malignant EOC [27] , while the others have not previously been associated with EOC biology and clinical outcome. To provide insight into the possible biological significance of the 40-gene signature, functional analysis of positively correlated genes (41, including IL6) was carried out by Ingenuity Pathway Analysis software (IPA) [28] . The top two functions (N1 and N2), associated with the highest score network, were 'Cell death, cellular function and maintenance, hematological system development and function' and 'Cell death, cellular development, cellular growth and proliferation' (Figure 3 and Additional file 4). When IPA analysis was performed on the seven-gene signature specific for advanced stage EOCs, the top function, associated with the highest score network, was 'Cell morphology, cell function, cardiovascular disease'. As shown in Figure 3 and listed in Additional file 4, all seven genes are included in this network (N3) together with genes already known to have a role in the progression of EOCs such as VEGF, the receptor tyrosine kinases EGFR and HER2, and the PI3K complex [1] . In addition to the input genes, it is noteworthy that IL6 is not present in the identified networks (Additional file 4), but when added manually to each network establishes a connection with some of the correlated genes ( Figure 3 ).
The NFkB complex was included in networks N1 and N3 (Figure 3 ), highlighting its possible pivotal role in EOC progression. The heatmap of Pearson's correlation coefficient (r) of the genes with IL6 was drawn by using R programming language. The r scores are represented in grayscale as reported in the color key. IL6 self-correlation was artificially set to the maximum score. Correlation score below 0.4 were considered not significant (NS). Genes not spotted on the array were defined NA (not available). The number of data sets in which the gene resulted significantly correlated with IL6 is reported on the right. It thus appears that two signatures are related to IL6 in EOCs: a 33-gene signature common to advanced stage and LMP EOCs and associated to control of cell growth and death, while the 7-gene signature, associated only to advanced-stage EOCs likely presenting NFkB transcriptional activation, might be a determinant of tumor aggressiveness, and may be associated with a pathway regulating vascular thrombosis.
An IL6-correlated gene set recapitulates the early growth factor response
To give further insight in the biology of EOCs expressing IL6, a GSEA [29] analysis was performed for each data set listed in Table 1 . By the "use a gene (IL6) as phenotype" analysis, GSEA first ranks the genes according to their correlation to IL6. It then determines whether a priori defined set of genes, in this instance those belonging to the C2 curated catalogue of functional gene sets, are randomly distributed throughout the gene list or primarily found at the top or bottom. Common significant gene sets obtained from GSEA analysis of the two largest data sets (I and VI) were selected and analyzed in the other datasets. This yielded 20 significantly enriched gene sets for all datasets. Normalized enrichment scores and FDR values in the different datasets are listed in Table 3 . A literature search was conducted to identify signaling pathways previously implicated in the progression of EOCs and/or in epithelial- Figure 3 Graphical representation of the top score networks identified by IPA. Molecular interactions between IL6-correlated genes in at least four data sets are reported. The top two networks (N1 and N2) were identified by loading all IL6-correlated genes in Fig. 1 . Network 3 (N3) was identified by loading the 7 IL6-correlated genes specific for advanced stage EOCs. IL6 (highlighted in blue) was manually added to each network. IL6-correlated genes are highlighted in red and the intensity indicates the number of data sets where the gene is correlated. The name of the network is reported below the graph.
derived malignancies. Among the most significant gene sets, the BILD_KRAS_ONCOGENIC_SIGNATURE [21] which includes genes whose expression is induced by the activation of H-RAS oncogene, was originally derived from the herein named data set III and can be considered a positive control. Three additional gene sets, AMIT_EGF_RESPONSE_60_HELA, AMIT_ EGF_RESPONSE_120_HELA [30] and NAGASHIMA_ NRG1_SIGNALING_UP [31] , were considered possible candidates of signaling pathways associated with EOC, and are associated with 'growth factor response'. These gene sets comprise early response genes, i.e. the EGR family members, and the negative feedback regulators of the growth factor signaling, i.e. ZFP36 and KLF2. The fifth selected gene set, named KIM_ WT1_TARGET_UP in some ways also recapitulates the growth factor response, since among WT1 target genes the EGF family ligands EREG, AREG and HBEGF are included [32] .
Furthermore, among the WT1 target genes SERPINE1 was also identified in the same study. Enrichment plots related to the above described gene-sets in data set I are shown in Figure 4 . It is of note that IL6 is not included in the selected gene sets (Additional file 5) as well as other genes that are included in network 3 identified by analysis using IPA. Based on the results obtained by the abovedescribed computational analysis and on our recent demonstration that IL6 is up-modulated in EOC cells upon EGF stimulation in time-dependent manner [15] , in vitro validation of 12 genes selected from the IL6-correlated gene sets was performed with real time RT-PCR using total RNA from EGF-stimulated serous EOC cell lines ( Figure 5 ). The IL6 was up-modulated in all EOC cells analyzed upon EGF stimulation. Concordantly, 75%, 58%, and 75% of the gene transcripts were up-modulated in IGROV1, OAW42, and SKOV3 cells, respectively ( Figure 5 ). Among the correlated genes common to 7 data sets (see Figure 2) , CXCL2, HBEGF, SERPINE1 and DUSP1 were increased in all three EOC cell lines analyzed. Additionally, NR4A1, a correlated gene in 6 data sets, was up-modulated upon EGF stimulation in all EOC cells. THBD and KLF2 transcripts, associated with 'Cardiovascular disease' by IPA analysis, were up-modulated in 2 of 3 EGF-stimulated EOC cells. In contrast, the MMP19 transcript, whose relevant protein is associated with invasion and tumor progression [33] , was not up-modulated in EGF-stimulated 
Discussion
Microarray technology has developed very rapidly, and it has become relatively easy to analyze the expression levels of thousands of genes within cancer cells. However, genes do not act in isolation, but each acts in complexes and builds networks and activated pathways that ultimately give rise to a specific cell phenotype. Thus, the search of co-regulated genes applying bioinformatics approaches may spread light on the biology of a tumor and its development. Previously, by applying this kind of 'in silico' approach on gene expression profiles of ovarian and thyroid carcinomas [16, 17] and melanomas [18] , we have been able to identify novel signaling pathways activated in those tumors. The present study, by applying similar bioinformatics tools, highlights possible novel signaling pathways activated in IL6-expressing EOCs. Among those, growth factor-dependent signaling was also experimentally validated in vitro in selected cellular EOC models. First of all, Pearson's correlation analysis allowed the identification of genes co-regulated with IL6 in aggressive EOC providing evidence that co-regulated genes can encode proteins involved in common signaling pathways. To identify IL6-coregulated genes we adopted thresholds which allowed to obtain a good balance among the statistical significance, the strength of the correlation and the biological reproducibility. Furthermore, we performed the analysis on 7 different data sets, containing the gene expression profiles of more than 1200 EOC samples, obtained on different array platforms, to increase the robustness on the bioinformatics results. We found a gene signature common to both advanced stage and LMP serous EOCs, and another 7-gene signature specific for advanced stage EOCs. The integration of the results obtained by IPA and GSEA, allowed us to determine that all EOCs, independently of their aggressiveness, co-regulate IL6 together with genes associated with cell growth and early growth factor response, arguing for the hypothesis of common mechanism/s of transformation. Only advanced-stage EOCs appeared to be characterized by a scenario that involves genes such as FPR1, KLF2 and THBD, to date associated with thrombosis and cardiovascular disease, thus suggesting that this pathway contributes to the growth and/or the spread of this type of tumor.
Our data indicate the existence of a biological interaction between IL6 expression and that of the coregulated genes as resulted upon IPA and GSEA analyses. On the other hand, since knockdown of IL-6 by specific siRNA did not affect the amount of the transcripts analyzed (data not shown), the regulation of the expression of the identified genes appeared not directly dependent to that of IL6. Although the IL6 gene was not associated with the networks identified by IPA or with the gene sets selected by GSEA, these results are in agreement with our previous observations in a subset of advanced stage EOC where ligand-dependent EGFR activation induced NFkBdependent transcription of IL6 together with PAI-1, encoded by the SERPINE1 gene [15] . NFkB also emerged to be a possible transcriptional regulator of 13 out of 40 genes according to the reported informations [35] , data which might further indicate that a growth factordependent NFkB signaling is activated in a subset of EOC. It is noteworthy that IL6 and 19 of the 40 correlated genes were found up-modulated upon 2 hr serum stimulation of quiescent keratinocytes [36] . We can therefore argue that the activation of growth factor activated signaling can either directly or indirectly induce the expression of IL6 and genes which likely play a role in the growth of EOCs. Furthermore, this growth factor-induced signaling pathway induces positive regulators of cellular function that are in turn regulated by negative feedback regulators such as ZFP36 and KLF2 [30] . The HBEGF gene, encoding for an EGFR ligand, was also highly significantly correlated in all seven data sets analyzed, indicating the prevalence of ligand-dependent EGFR activation. The regulation of growth factor signaling pathways by negative feedback is a universal mechanism for limiting the duration and intensity of signaling output. While negative feedback is a key component of normal cellular signaling, its role in cancer cells is more complex. Indeed, the loss of some negative feedback regulators might contribute to tumor progression, but might also be expressed at considerably higher levels in oncogene-mutant tumors as observed in BRAFmutated melanomas [37] . Interestingly, the presence of a feedback negative mechanism has also been associated with greater efficacy of growth factor receptor-targeted therapy [38] . The fact that in EOC cells, with active EGFR/NFkB/IL6 signaling, EGFR-targeted therapy was more effective might be due to the up-regulation of feedback negative regulators of growth factor signaling [15] . Taken together, these data suggest that the IL6-associated signature might have a translational impact helping to select EOC patients who are likely responsive to EGFRtargeted therapy. Experiments are now ongoing to verify this hypothesis.
Nuclear expression of the Wilm's tumor suppressor is found in OSE cells and in the majority of serous EOCs [39] . However, the corresponding gene, named WT1, has been never associated with IL6 gene expression. WT1 is required for kidney development, and the report in which the relevant gene set has been derived particularly emphasized the finding that the genes encoding the EGF family ligands EREG, AREG, and HBEGF may be transcriptionally regulated by WT1, orchestrating a finetuning of the EGF signaling pathway [32] . Altogether these observations support that the EGF signaling pathway is pivotal in the biology of EOC.
The gene signature common to advanced stage serous and LMP EOCs is not unexpected if one considers the theory that LMP EOCs derive from serous low grade EOC with a borderline morphologic phenotype [40] . However, if this is the case, advanced-stage and LMP tumors might share common genetic alterations that induce aberrant growth. In addition, in vitro validation experiments performed on gene transcripts of nontransformed surface ovary cells argue for the notion that the signature associated with a growth factor response is not expressed and/or EGF-dependent in normal ovary cells.
The bioinformatics approach also produced hypothesisgenerating results. The association of the 7-gene signature with advance stage EOCs is novel. At present only angiogenesis-related genes and proteins, such as VEGF and its receptor, have a well documented role in EOC biology and are already well-exploited targets in the therapy of more aggressive EOCs [39] . Our findings open new questions on the role of genes associated with thrombosis and cardiovascular disease in the progression of EOCs. It has been recently hypothesized that low-dose aspirin as antithrombotic therapy may inhibit progression rather than the induction of EOC [41] . Indeed, aspirin and selective COX inhibitors could reduce progression not only by inhibiting prostaglandin production, thus reducing inflammation, but also by negatively modulating thrombosis-associated genes. Therefore, the inhibition of both pathways synergistically might be an interesting approach to block the growth and dissemination of advanced stage EOCs.
MMP19, a gene of the 7-gene signature specific for malignant EOCs and encoding the metallo-protease (MMP) 19 was present in network 3 of IPA analysis, but was not in any of the gene sets selected by GSEA analysis. MMPs are key molecules of tumor cell invasion, including EOCs [42] and, since the majority of samples were advanced stage EOCs, MMP19 could be a new player in the dissemination of these tumors and experiments are now ongoing to test its presence and role in advanced stage EOCs.
Conclusions
By applying a bioinformatics approach we identified genes co-regulated with IL6 expression in clinicallyrelevant subtypes of EOC, their interactions in networks and pathways as well as their functional association to growth factor response. IL6 gene expression together with that of the correlated gene signature could help identifying EOC patient's subgroups in which the identified signaling pathways might be biologically relevant during the progression of the disease and, in the long term, might represent new pharmacological targets.
Methods
Computational analysis
Seven EOC data sets, six arrayed on Affymetrix platforms and one on an Agilent platform, were analyzed (Table 1) . Raw data of data sets I, II, and III [19] [20] [21] were downloaded from the NCBI Gene Expression Omnibus (GEO) repository (IDs GSE9891, GSE12172 and GSE3149, respectively) and those of data set VI were downloaded from the proprietary repository [43] . Data sets IV and V [23, 24] were downloaded from the Duke Institute website as suggested in the original publications. The raw data from Affymetrix were normalized through the RMA method using the Expression Console software developed by Affymetrix. Upon quality control, probes were annotated with the current annotation files (version 32) for the proper array format. Normalized data of data set VII [25] , obtained on Agilent platform, were downloaded from GEO (ID GSE17260).
For each data set, the expression data from serous histotype cases were selected. Since in all but one (IV), data sets the percent of cases at early stage (I-II) ranged from 0 to 10%, no stage selection was applied; in the case of data set IV, in which stage I and II represented 50% of case material, to avoid difficulty in comparison with the others, only advanced stages (III-IV) were selected. According to these selection criteria, we considered our overall case material to be composed of advanced stage EOC. Each data set was analyzed separately and the gene expression intensity of IL6, represented by a single probe in all the analyzed array formats, was correlated to the remaining probes across all EOCs samples in the array. The Pearson's correlation coefficients (r), p and FDR values were calculated using cor, cor.test and p.adjust (using the Benjamini & Hochberg method) functions, respectively, from the Stats package in R programming language (version 2.12.0). For genes represented by multiple probes in the same array format, the probe with the highest correlation to IL6 in the data set with the highest number of patients was chosen and considered for the other data sets when present. Only genes exhibiting a p value ≤ 0.05 and r ≥ 0.4 in at least 4 of the 7 data sets were considered significant (Additional file 1). In three studies (I, II and IV), serous LMP EOCs were also profiled and their expression data analyzed as described above. Correlation values to IL6 corresponding only to the list of genes significant in advanced stage EOC were further considered (Additional file 1). IPA (Ingenuity Systems, 2012 release), a software leveraging a manually reviewed repository of biological interactions and functional annotations was used to analyze the signalling pathways, cellular location, function and, network connections of the identified genes [28] .
Gene Set Enrichment Analysis (GSEA) [29] , was used to find whether a set of genes defined based on prior biological knowledge (e.g., those in a common signaling pathway) shows statistically significant correlations with IL6. Briefly, for each of the seven EOCs datasets, through the "use a gene as phenotype" option, GSEA ranks the genes according to their correlation with IL6. This ranked lists is then interrogated against gene sets contained within the C2 curated gene sets (c2.all.v3.0. symbols.gmt), a collection of 2516 gene sets that are part of the Molecular Signatures Database (MSigDB) v3.0 (12, 13) . The primary GSEA result is the enrichment score (ES), which reflects the degree to which a gene set is overrepresented at either the top or bottom of the ranked list of genes. To estimate the statistical significance of the ES, a nominal p value is calculated by permuting the genes 1,000 times. The ES score is normalized to account for the gene set sizes (NES). Gene sets associated to a false positive rate (FDR) of less than 0.25 were considered significant.
